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Sazetak This paper presents an Al-driven pipeline for transforming the interviews
from “Digitalne Ikone 20+” book from unstructured transcripts into a structured,
semantically enriched, and queryable knowledge resource. The raw text was first
converted into XML-TEI format, with explicit structural markup of interview bo-
undaries, speaker turns, paragraphs, temporal metadata, and topics. This encoding
established logical segmentation and enabled targeted queries, such as retrieving
content by speaker or thematic segment. An NLP and textometric analysis was con-
ducted using the TXM tool and JeRTeh resources, followed by automatic Named
Entity Recognition (NER) using models from the TESLA project. Key entity types
were identified and embedded into the TEI structure. In the subsequent Named En-
tity Linking (NEL) stage, entities were disambiguated and connected to Wikidata
identifiers, enriching the corpus with external knowledge graph references. Mis-
sing entities were added to Wikidata, contributing new structured knowledge. The
resulting resource allows researchers, students, and the public to explore cultural
heritage interviews through intelligent querying, automated dataset generation, and
knowledge graph integration. The pipeline offers a replicable methodology for con-
verting oral archives into Al-accessible knowledge bases.

Keywords: Corpus, Named Entity Recognition, Named Entity Linking, Informati-
on Extraction, Textometry, Knowledge Graphs.

1. Introduction

This paper builds upon our preliminary findings first introduced in the AI Conferen-
ce 2025 abstract, where the initial implementation of the “Digitalne Ikone” Al pipeline

* This paper is an extended version of an abstract "From Unstructured Interviews to Queryable Knowledge:
An Al Pipeline for the “Digitalne Ikone” Corpus using TEI, NER, NEL, and RAG", published in Artificial
Intelligence Conference Book of Abstracts. https://www.mi.sanu.ac.rs/
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showed promising results, and now presents a fully extended study with deeper analysis,
methodological enhancements, and a broader evaluation [32].

Large archives of interviews and broadcast transcripts remain significantly underutili-
zed in Natural Language Processing (NLP), primarily due to their inherently unstructured
nature, diverse formats, and the high cost of performing reliable semantic queries over
them. The challenge is even more pronounced in low- and less-resourced languages, whe-
re reusable processing pipelines and datasets that enable grounded question answering
(QA) are still scarce or entirely absent.

In this work, our motivation is twofold. First, we aim to transform the long-standing
Serbian interview series Digitalne Ikone 20+ (Digital Icons 20+) [38] into a structured,
semantically enriched resource that facilitates reproducible research, exploratory ana-
lysis, and evidence-based question answering. Second, we seek to establish a standards-
compliant methodological framework, based on widely accepted practices such as XML-
TEI encoding (Text Encoding Initiative), lexical and semantic annotation, text analysis,
knowledge management and information retrieval, that can be adapted and adopted by ot-
her oral-history archives, cultural heritage collections, or media corpora across different
languages. By doing so, we aim not only to improve accessibility and interoperability,
but also to highlight the broader potential of AI methodologies for unlocking knowledge
embedded in complex narrative datasets.

The radio broadcast Digital Icons, curated by Dr. Tamara Vucenovié, has been con-
tinuously aired on Radio Belgrade 2 since 2002, with more than 1,000 episodes to date.
As an educational program devoted to digital technologies and their societal impact, it
holds a unique position within the Serbian media landscape, not only among radio pro-
grams but also across television formats. Its long-term significance stems from both its
thematic coherence and its informative public role: the program invites domain experts to
discuss topics spanning computer science, the evolution of the information society, digital
inclusion and the protection of vulnerable groups, ethical issues of social media, and the
benefits and risks associated with technological development.

The diversity of guests has been a defining feature of the broadcast. Participants inc-
lude senior officials and policy advisers, researchers and academic representatives, pro-
fessionals from domestic and international IT organizations, civil society groups, media
outlets, and specialized associations. Moreover, the program has hosted numerous inter-
national interlocutors, contributing to the global exchange of ideas about digital culture
and technology.

Importantly, the book Digitalne Ikone 20+ (Digital Icons 20+), derived from the trans-
cripts of selected broadcast interviews, provided the foundation for building the Digl-
ko [32], as first version, and Diglko2 — Digital Icons 20+ Interview Corpus used in this
research. It now represents a valuable bridge between journalistic content, public discour-
se, and computational linguistics, enabling further exploration of societal narratives thro-
ugh Al-based methods.

The integration of TEI with NER (Named Entity Recognition) and NEL (Named En-
tity Linking) is motivated by the need to provide layered semantic enrichment that serves
as a reliable foundation for Retrieval-Augmented Generation (RAG). By grounding Al-
generated answers in verifiable textual evidence, RAG allows retrieved passages, rather
than free-form generative output, to guide the reasoning process and mitigate hallucinati-
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ons. In this setting, NEL based on Wikidateﬂ identifiers (QIDs) [36] plays a crucial role,
as it enables precise multilingual entity resolution and control during both retrieval and
prompting stages. Each entity mention is not only classified but also linked to an external
canonical reference, contributing to interoperability and long-term reusability.

Furthermore, the consistent use of TEI IDs and Wikidata QIDs attached to each extrac-
ted claim ensures transparency of provenance, supports reproducibility and peer-review
practices, and facilitates integration with existing or emerging knowledge graphs. This
standards-driven combination of TEI, NER, and NEL therefore establishes a structured
backbone for explainable Al workflows, allowing interview-based corpora to be queried,
validated, and semantically explored using modern NLP (Natural Language Processing)
techniques.

The contributions of this paper can be summarized as follows. First, we present a
standards-driven Al pipeline that integrates multiple preprocessing tasks, ranging from
structural encoding to semantic annotation, thereby transforming raw interview transcripts
into a semantically linked and structurally queryable resource. This approach ensures in-
teroperability, transparency, and reproducibility across all stages of processing. Second,
we demonstrate a grounded question—answering (QA) generation over the Diglko2 inter-
view corpus, combining evidence retrieval with LLM-based generation to support scho-
larly inquiry and exploratory analysis.

The workflow incorporates TEI structural annotation, TXM/Jerteh preprocessing, and
NER/NEL models from the TESLAE] project, resulting in TEI-embedded entity tags re-
solvable to Wikidata identifiers. We argue that such integration substantially improves
accessibility, enables semantic search and automated dataset generation, and provides a
replicable pathway for constructing knowledge-centric interview corpora for Serbian and
other less-resourced languages.

In addition, the repository with code and sample data will be made openly available,
while the complete corpus will be searchable through CQL (Corpus Query Language) and
SPARQL endpoints for the linked-data version. Together, these components establish a
foundation for transparent peer review, empirical validation, and future extensions toward
knowledge graph construction and more advanced RAG architectures.

Beyond conventional transformation, the proposed approach enables entity- and speaker-
faceted retrieval, which opens possibilities for opinion tracking, stance profiling, and tem-
poral comparison, analytical dimensions that are typically unavailable in plain text proces-
sing. By implementing a sequential transformation from raw transcripts to a semantically
enriched and queryable corpus, we provide a foundation for evidence-based analysis that
goes beyond narrative abstraction.

The discussion of prior studies and relevant methodological frameworks is provi-
ded in Section [2] which outlines existing approaches to TEI-based corpus constructi-
on, NER/NEL integration, textometry and retrieval-augmented methods in cultural and
interview-based datasets. The complete methodology for corpus preparation and explo-
itation is detailed in Section [3] followed by the presentation of the corpus editions and
data formats in Section [4] along with the analytical procedures, practical applications.
The evaluation of results and the discussion of current limitations with directions for fu-
ture development is provided in Section [5} Together, these sections outline a replicable

4https://www.wikidata.org/
5 TESLA — Text Embeddings — Serbian Language Applications, https://tesla.rgf.bg.ac.rs/
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workflow for building and systematically interrogating interview-based corpora through
semantically grounded AI methods.

2. Related Work

In this section, we provide an overview of related research across several interconnec-
ted areas, all relevant to the construction and exploitation of the Diglko2 corpus. First, we
discuss prior studies that model interview transcripts and specifically those that use TEI
as a structural framework for capturing interview transcripts and conversational data. Ne-
xt, we review approaches to semantic enrichment through NER with particular emphasis
on linking to external knowledge bases such as Wikidata. We conclude this section with
work related to textometry, as a computational method for analyzing textual corpora that
combines statistical modeling with linguistic structure to uncover patterns, distributions,
and relationships within texts that are not easily visible through manual reading.

2.1. Modeling of Interview Corpora

The work presented in [26] introduces InTEIrviews, an XML-TEI-conformant OD]f]
specifically tailored for qualitative interviews, with the aim of promoting openness, reu-
sability, and standardized annotation practices. An XML-TEI-conformant ODD enables
the selection of relevant TEI P5 modules and the declaration of project-specific constra-
ints while remaining compatible with the TEI element and class system. From a single
ODD specification, it is possible to generate both validation schemas and human-readable
documentation, ensuring both methodological transparency and reproducibility.

The ODD typically includes a schemaSpec (for module selection), element Spec
and classsSpec (for content models and attributes), as well as prose guidance on enco-
ding decisions and metadata requirements. The model builds upon existing TEI modules,
particularly Transcription of Speech and Language Corpora, and draws a clear distinction
between macrostructure (e.g., headered metadata on participants and recording conditi-
ons, turns encoded via u who=, and researcher notes within standoff) and microstruc-
ture (e.g., fine-grained linguistic and discourse features, including named entities). Both
structures and the following TEI elements are presented in Sample[I.1]

Ethical and privacy considerations are also addressed by recommending the use of
gap (in combination with @resp, @unit, and @quantity) for redacting sensitive con-
tent. Controlled vocabularies, such as annotating speakers with @ana[|on ¥ are encou-
raged to support cross-interview comparability. Overall, the InTEIrviews model demon-
strates how interview transcripts can be standardized through TEI while still preserving
project-specific variation, enabling semantic analysis, corpus sharing, and FAIR-aligned

reuse.
<TEI xmlns=“http://www.tei-c.org/ns/1.0%>
<teiHeader>
<fileDesc>
<titleStmt> <title>TEI interview</title> </titleStmt>

6 ODD (“One Document Does-it-all”) is the TEI XML-based specification language for defining, constraining,
and documenting TEI customizations.

7 analysis refers to elements that contain interpretations of the annotated element.

8 utterance: contains a stretch of speech usually preceded and followed by silence or by a change of speaker.
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</fileDesc>
</teiHeader>
<l-- MACROSTRUCTURE -->
<standOff>
<listPerson>
<person xmlid="SP1“ gender="F* age="35" .../>
<person xmkid="INT* role="interviewer" .../>
</listPerson>
</standOff>
<text>
<body>
<!-- MICROSTRUCTURE -->
<div type=‘interview" ...>
<u Who="#INT* xml:id=“u1“> Can you describe life during that period? </u>
<u who="#SP1" xmlid="u2" ...>It was very nice in <name type="LOC" ref="https:
IIwww.wikidata.org/wiki/Q55630“>Novi Sad</name> for three months.</u>
<u who="#SP1" xml:id="u3">After that... it is hard to explain.</u>
</div>
</body>
</text>
<[TEI>

Sample 1.1. XML schema InTElrviews

The DDHI Encoding Guideline$[3] developed for the Dartmouth Digital History Ini-
tiative (DDHI) provide practical guidance for TEl-based oral history encoding, with a
strong emphasis on interview metadata and TEI headers. These guidelines focus on cap-
turing descriptive information about interviewees, interviewers, recording circumstances,
equipment, rights, and ethical considerations, offering clear examples and recommen-
ded practices for structuring metadata within teiHeader. In addition, they demonstrate
techniques for annotating speaker turns, editorial notes, and research-related contextual
information, making them particularly valuable for projects involving oral narratives and
historical accounts. What distinguishes the DDHI approach is its balance between TEI
compliance and practical usability: the guidelines include actionable examples, recom-
mended element usage, and documentation that supports reproducibility and interopera-
bility across oral history projects. This makes DDHI a relevant reference point for corpus
preparation methodologies such as Diglko2, where interview metadata, participant roles,
and recording context are essential for downstream tasks such as entity linking, semantic
retrieval, and RAG-based guestion answering.

A valuable overview of transcript—-media alignment methods is provided in [4], which
analyzes three practical approaches for synchronizing interview audio/video with the-
ir corresponding transcripts: the OHMS (Oral History Metadata Synchronizer) system,
TEIl-based encoding work ows, and YouTube-based captioning practices. These methods
are examined in terms of their ability to provide searchable, time-coded access to oral-
history materials, enabling users to navigate interviews based on speaker turns, topics,
or temporal segments. Of particular relevance to TEl-based corpus construction is the
demonstration of how structured markup, especially when combined with timestamp anc-
horing that supports interoperability and facilitates links between transcript segments and
media les. This approach not only enhances accessibility and user engagement but also
enables multimodal analysis, making oral-history collections more suitable for scholarly
interrogation, pedagogical use, and Al-based retrieval.
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2.2. Text Encoding Initiative for Spoken Corpora

CLARIN-compliant web services provide an end-to-end processing work ow for TEI/ISO
24624 transcripts of spoken language, with particular emphasis on legacy interview corpo-
ra[7]. Their framework demonstrates how linguistic tools and processing components can
operate directly on ISO/TEI formats, thus ensuring semantic interoperability with esta-
blished spoken-language tools while also granting access to a broader range of written-
language NLP functionalities. A key application is showcased through the IDS Archive
for Spoken German, where interview materials are curated and processed according to
FAIR principles. The work ow involves complete digitization of archival recordings, con-
version into structured and standardized formats (including ISO/TEI for transcripts and
CMDI for metadata), precise alignment between audio and transcript segments, and suc-
cessive layers of linguistic enrichment. Furthermore, the resulting corpora are integrated
into dissemination platforms that support search, visualization, and processing services,
thereby enabling sustainable reuse and scholarly exploration of oral-history datasets. This
approach offers a compelling model for similar initiatives, particularly for interview-based
collections that seek to combine long-term preservation with modern Al-based processing
methods.

The service pipeline consists of several modular components designed to convert raw
interview transcripts into linguistically enriched ISO/TEI representations. The work ow
begins with text2iso, which parses plain-text transcripts and generates ISO/TEI-compliant
structures including u for utterances, timeline for time anchoring, participant meta-
data in <teiHeader>, and mechanisms for overlap resolution. Subsequently, tokeniza-
tion transforms the transcript into w (word) and pc (punctuation) elements, while pre-
serving original anchors and lifting pauses into dedicated pause tags. Per-utterance lan-
guage identi cation is performed using OpenNLP, with the detected code assigned to
@xml:lang attributes. Language-speci ¢ normalization is handled through OrthoNor-
mal, which writes normalized values to @norm within the w elements, allowing both
orthographic variants and surface forms to be retained. Further enrichment involves POS-
tagging and lemmatization via TreeTagger/TT4J with language-appropriate models, fol-
lowed by pseudo-alignment between transcript segments and the corresponding audio
stream. Finally, consistent @xml:id management ensures traceability across elements
and supports downstream referencing, validation, and corpus querying. Overall, the pipe-
line illustrates a structured and extensible approach to preparing spoken-language corpora
for both linguistic research and computational processing.

The Slovene reference spoken corpus GOS 2 represents a substantial expansion of the
original GOS corpus from 2011, integrating two major additional sources: GOS Video-
Lectures (public academic speech) and the Artur ASR database (Automatic Speech Re-
cognition). The corpus includes authentic spoken data that have been manually veri ed,
and heterogeneous designs from the original datasets were reconciled through a uni ed
metadata.

A revised TElI XML schema-based on the CLARIN.SI parameterization was imple-
mented to ensure formal alignment and long-term interoperability. Transcription conven-
tions were harmonized across datasets; however, certain segmentation and punctuation
variations were deliberately preserved in order to stimulate community feedback and sup-
port alternative annotation practices. Linguistic enrichment was conducted using CLAS-
SLA-Stanza, enhancing the corpus with token-level annotation and morphosyntactic in-
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formation. The resulting resource is openly released in TEI format, with transcriptions
publicly available and audio data accessible for the newer subsets. A dedicated web con-
cordancer enables simple and advanced search capabilities, metadata-based Itering, and
integration with other Slovene linguistic resources [35].

The Parla-CLARIN initiative provides a specialized TEI customization for modeling
and exchanging parliamentary debate corpora, with a strong emphasis on interoperabili-
ty and usability across multilingual research contexts. Its guidelines propose a consistent
document architecture that includes hierarchical structures for sittings, debates, and indi-
vidual speeches or utterances, each annotated with @who attributes to identify speakers
unambiguously. The framework further encourages rich teiHeader metadata, covering
information about participants, political af liations, institutional roles, temporal informa-
tion, and geographic context. In addition to textual representation, Parla-CLARIN sup-
ports links to audio/video recordings and references to legislative acts. The package pro-
vides TEI schemas, validation instructions, and illustrative examples, making it suitable
both for corpus construction and integration with downstream NLP work ®ws.

The British National Corpus (BNC) XML Edition represents one of the most in uen-
tial large-scale implementations of TEI for spoken interaction. As a well-established re-
source, it showcases mature structural conventions for modeling dialogue and turn-taking
using u elements, with speaker identities assigned through @who attributes that referen-
ce a dedicated speaker registry. At the token level, the BNC employs consistent markup
practices, including w for words and pc for punctuation, enabling corpus-wide uniformity
and compatibility with a wide range of linguistic tools. A comprehensive teiHeader
encodes rich participant and recording metadata, covering demographic information, si-
tuational context, and technical details of the audio capture. Owing to its scale, stability,
and longstanding use, the Spoken BNC provides methodological precedents for utteran-
ce segmentation, speaker normalization, metadata design, and reproducibility, many of
which can be effectively transferred to the development of interview-based corpora such
as Diglko2. Its structural conventions remain a reference point for both TEI-based enco-
ding practices and best practices in spoken-language corpus consttction.

2.3. Named Entities in Serbian Text

Named Entity Recognition and Linking (NER+NEL) inherently involve the task of
entity disambiguation, which is particularly challenging for morphologically and less re-
sourced languages [20,9]. Historically, early research in NEL relied on rule-based appro-
aches and handcrafted heuristics, as seen in systems such as SrpNER [20] and the di-
sambiguation algorithms of [39]. Over time, these were replaced by supervised machine
learning models, including SVMs, CRFs, and neural architectures, that demonstrated sub-
stantially higher accuracy in complex linking scenarios [14,8]. The availability of structu-
red multilingual resources such as Wikipedia, DBpedia, and especially Wikidata [2] has
been crucial in providing canonical knowledge representations for entity resolution.

A major shift occurred with the emergence of transformer-based architectures, no-
tably BERT and a suite of domain- or task-adapted models, that signi cantly improved
NEL performance by leveraging context-aware embeddings, cross-lingual transfer, and

9 Parla-CLARIN https://clarin-eric.github.io/parla-clarin/
10 BNC XML Reference Guide: http://www.natcorp.ox.ac.uk/docs/URG.xmlI?ID=cdifsp.
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domain-speci ¢ adaptation [40,6]. Recent studies have also highlighted limitations of
LLMs in NEL tasks within specialized domains. Recent work presented in [23] emp-
hasized the importance of geographic bias evaluation in LLM outputs, demonstrating that
the diversity and speci city of geographic references vary across models and may be in-
uenced by prompt phrasing.

For Serbian, NEL development was supported by resources produced in this research,
including the multilingual silver dataset DaMuEL [21] and the SrpCNNeL model for
named entity recognition and linking [15]. The in ectional complexity of Serbian, cha-
racterized by different forms for three gender, seven grammatical cases, numbers, requires
models to handle morphological variation. Two pretrained transformer models optimized
for Serbian give the best results: 1) TeslaXLMa ne-tuned variant of FacebookAl/xIm-
roberta-large with 561M parameters, that was trained on a 20-billion-token Serbian (Latin
+ Cyrillic) corpus and achieves high robustness across dialectal and orthographic variati-
on [42], and 2) Jerteh-355, '2 based on RoBERTa-large and includes 355M parame-
ters, trained from scratch on a 4-billion-token Serbian corpus, it excels in monolingual
contextual representations [41]. These models provide the linguistic robustness necessary
for entity extraction and disambiguation in highly in ected Serbian interview data, for-
ming the basis for the NER+NEL pipeline presented in this work.

2.4. Textometry

The origins of textometry can be traced to mid-20th century France, notably through
the pioneering work of Pierre Guiraud [10] and Charles Muller [24], who established ear-
ly methods for linguistic statistics. Subsequent developments by Jean-Paul Benzécri [1]
expanded the statistical foundations and in uenced later implementations of textometric
analysis. The methodological basis of modern textometry also draws signi cantly from
the work of Ludovic Lebart and André Salem [22], who formulated techniques for extrac-
ting meaningful linguistic patterns from textual data.

Building upon these foundations, textometry has introduced new statistical models for
identifying speci c textual phenomena such as contextual word salience, linear organiza-
tion and internal structure of texts, intertextual contrast, and lexical evolution over time
(e.g., scope of usage, periods of lexical change). The results of a textometric analysis
typically yield visually organized outputs, including hierarchical lists, maps, clusters, and
reorganized corpora, offering a synthetic yet exible view of the underlying textual struc-
tures.

Unlike traditional summarization or keyword extraction, textometry provides a close
reading of the text through numerical indicators, enabling both global corpus-level per-
spectives and local contextual insights. This duality highlights its hermeneutic potential
and demonstrates how large-scale textual analysis can reveal latent patterns that are dif-
cult, if not impossible, to detect manually. Interpretation, however, remains dependent
on expert knowledge and the quality of the tools used, indicating that textometry is best
conceived as a methodology that generates data-driven signals requiring expert validation.

Several adjacent disciplines intersect with textometry. Information Retrieval (IR) sha-
res an interest in processing large text collections, though its primary goal is document

11 https://huggingface.colte-sla/TeslaXLM
12 https://huggingface.coljerteh/Jerteh-355
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and information retrieval rather than internal textual analysis. Latent Semantic Analysis
(LSA) similarly employs mathematical models but is generally oriented toward cogniti-
ve and semantic tasks outside the scope of corpus-based linguistic inquiry. Text mining
(TM) applies quantitative techniques to extract valuable insights; however, its focus is
on information extraction, whereas textometry concentrates on structural and linguistic
exploration of texts. Meanwhile, NLP relies on statistics to build systems for linguistic
unit recognition and tagging; indeed, corpora may serve as a foundation for both NLP
development and subsequent textometric exploration. Thus, these two elds are comple-
mentary and mutually reinforcing.

A major advancement in applied textometry is the emergence of software environ-
ments that simplify corpus exploration through integrated tools and graphical work ows.
Among these, the TXM platform [11] stands out as an open-source environment widely
used in the social sciences and digital humanities (history, literature, linguistics, socio-
logy, geography, political science). TXM combines qualitative and quantitative text ana-
lysis, built upon CQP (Corpus Query Processor) browsing and the R statistical package,
thereby enabling rich corpus navigation and statistical modeling.

3. Methodology

This section outlines the toolchain, starting with TEI structure encoding, followed by
annotation and textometry, and nally linked-data serialization and text generation. The
diagram in Figure 1 illustrates the end-to-end processing pipeline of the Diglko2 corpus,
from raw interview transcripts through TEI-compliant XML encoding to parallel NLP
enrichment via TXM textometry and the JeRTeh/TESLA annotation stack (lemmatization,
NER, NEL). The enriched corpus feeds three output channels: a linked-data serialization
in NIF exported to an Apache Jena Fuseki SPARQL endpbamtd GraphDB*, a CQL-
queryable INCEpTION [18] annotation layer, and a QA-pair generation module powered
by GPT-4.1/GPT-5.1 that produces a RAG-ready resource.

3.1. TEI for Spoken Interactions

Chapter 8 of the TEI P5 Guidelines, entitled “Transcriptions of Speech” [34], pro-
vides the core speci cation for representing spoken language and interviews in TEI-
compliant XML. It conceptualises spoken discourse in terms of utterances (u) that
are embedded within a standard TEI text hierarchy and anchored to speakers via the
@who attribute, which may reference participants de ned in structured registries such as
listPerson. The chapter further outlines recommendations for encoding pauses, voca-
lisations, non-lexical phenomena, kinesic events, overlapping speech, and subdivisions of
discourse. In addition, it speci es how alignment, segmentation and linking mechanisms
can be employed to handle non-hierarchical annotations and time-based structures, there-
by enabling interoperable and analysable transcripts suitable for digital preservation and
reuse. Documentation of transcription conventions and recording conditions is expected
to be maintained in the teiHeader, via elements such as transcriptionDesc and
scriptStmt.

13 http://fuseki.jerteh.rs/
14 http://graphdb.jerteh.rs/spargl?repositoryld=digico
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Slika 1. The components of the proposed work ow/toolchain

Complementing this, Chapter 2 of the TEI P5 Guidelines addresses the structure
and function of the teiHeader, which provides the essential metadata framework for
archiving interview material (see Figure 2). The header facilitates the systematic docu-
mentation of bibliographic and le-related information (fileDesc), editorial and enco-
ding practices (encodingDesc), participant pro les and communication settings via
profileDesc (e.g. listPerson, roles, place, time), as well as revision tracking
(revisionDesc). In the context of interview data, these structures allow for the expli-
cit recording of provenance, participant identities, recording circumstances, and metho-
dological decisions—ensuring traceability, reproducibility and reliable citation. For an

illustration, Sample 1.2 introduces an excerpt from Diglko2 TEI header.
<teiHeader>
<fileDesc>
<bibl>
<titleStmt>
<title>Digitalne ikone 20+</title>
<author>Vu cenovi ¢, Tamara</author>

<editor>Ru i ¢, Nevena</editor>
</titleStmt>
<extent>510</extent>

<publicationStmt>
<publisher>Akademska knjiga</publisher>
<publisher>RTS</publisher>
<pubPlace>Novi Sad</pubPlace>
<pubPlace>Beograd</pubPlace>
<date>2024</date>

</publicationStmt>

<sourceDesc>
<p><seg>Born digital - Publikacija sadri intervjue [...]</seg></p>
</sourceDesc>

</bibl>

</fileDesc>

<profileDesc>

<listPerson>

<person xml:id="TaVu“ role="interviewer" Qid="Q109916651">
<persName>Tamara Vu cenovi c</persName></person>|...]
<person xml:id="SIMa“ role="interviewee“ qid="Q19559876">
<persName>Slobodan Markovi  t</persName></person>
<person xml:id="VoAn“ role="interviewee" qid="Q1252236">
<persName>Voja Antoni  t</persName></person>[...]
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<langUsage>
<language ident="sr-Latn“>Serbian (Latin script)</language>
</langUsage>

</profileDesc>

</teiHeader>

Sample 1.2. TEl header in Diglko2

Slika 2. Schema of <teiHeader> element

Additional guidance on how to represent participant information and interaction set-
tings is provided in the sections of the TEI Header/Pro le concerned with transcribed
speech (cf. Section 5.2.9 of the Guidelines). These recommendations specify which
interview-speci c attributes should be recorded, such as roles, sampling criteria, recording
conditions, transcription methods, and where they should be encoded within the header.
This approach fosters the discoverability, interoperability and long-term sustainability of
spoken language resources [33].

The diagram 3 illustrates a TEl-aware XML schema where each interview is encoded
within a div element enriched with descriptive attributes (gender, interview ID, year,
type). For example, in Diglko2 we use this element for different types of text divisions
and text type is de ned by type attribute. The following Sample 1.3 presents an intervi-
ew introduction that provides context for the reader (or listener). The internal structure
follows TEl's Transcriptions of Speech recommendations, segmenting the discourse into
u units, each containing paragraphs (p), segments (seg), and optional entity annotations
(name). Additional structural metadata such as titles, epigraphs, notes, and participant ro-
les are supported through labeled heading elements and a dedicated interviewee eld.
This schema enables precise modeling of conversational ow while supporting linguistic

<div type="introduction“><p><seg id="1382“>Domen .yu je registrovan negde 1989. ili
1990. godine od strane <name type=“ORG" ref="https://www.wikidata.org/wiki/
Q5918873“> Instituta ,Jo ef Stefan“</name> u <name type="LOC" ref="https://www.
wikidata.org/wiki/Q437“>Ljubljani</name>.</seg></p>[...]</div>
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Sample 1.3. Element <div> in Diglko2

Slika 3. Schema of div element

Figure 4 illustrates the structural model used for encoding question—answer pairs wit-
hin the conversational layer of the corpus. Each utterance is represented using the u ele-
ment, which can optionally contain two attributes: @who, identifying the speaker, and
@towWhom, indicating the intended addressee. Within u, the model allows the occurrence
of either iquestion or ianswer elements, re ecting the annotation of dialogic roles.

The following example in Sample 1.4 illustrates an excerpt from Diglko2 where the u

element is used to group the speaker turn.
<u who="#TaVu“><iquestion><p><seg id="1407">Sta je potrebno izmeniti od podataka

nalazi se u dokumentu koji moemo da prona demo na sajtu <name type="ORG" ref="
https:/iwww.wikidata.org/wiki/Q136527687“>Registra nacionalnog domena Srbije</
name>.</seg><seg id="1408">Da li je sada ve t kasno?</seg></p></iquestion></u>

<u who="#MiTa" toWhom="#TaVu“><ianswer><p><seg id="1409“>Za neke manje korekcije
nije kasno.</seg>[...]J</p></ianswer></u>

Sample 1.4. Element <u> in Diglko2

Both iquestion and ianswer share an identical internal structure: they consist of
one or more paragraphs (p), which are further segmented into seg units. These segments
serve as operational anchors for sentence-level alignment, citation, and downstream lingu-
istic processing. The schema also allows optional name elements associated with speci ¢
segments, enabling the annotation of named entities with additional attribute-level meta-
data. This design ensures that conversational ow remains TEI-compliant while remaining
compatible with NLP pipelines that require ne-grained, segment-level supervision. This
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structural layer segments discourse and provides context windows for downstream NLP
as well as structure-aware querying (e.g., per speaker).

Slika 4. Schema of u element

3.2. Textometry in TXM

TXM facilitates import of a variety of textual formats, including plain texts and XML
documents encoded according to TEI guidelines and generates an intermediate XML-
TXM representation optimized for analysis [11]. This representation identi es three core
text units:

— Textual units (e.g., books, articles, interviews) with associated metadata such as aut-
hor, title, date, or genre;

— Structural units (chapters, passages, segments) representing document organization;

— Lexical units (tokenized words) that include graphic form, lemma, and grammatical
category.

Metadata are treated as structured units within TXM and can be used for corpus
partitioning, ltering, and comparison. Through frequency lists, concordance views, and
sub-corpus extraction, TXM enables qualitative inspection, while quantitative techniques,
such as speci city analysis, correspondence analysis, co-occurrence analysis, and cluste-
ring, allow detection of lexical trends and contextual patterns across texts. Results may be
exported in tabular or graphical formats for further processing or visualization.

Although TXM supports automatic tagging and lemmatization via TreeTagger [29],
it also accommodates external NLP tools whose annotations are added to the XML-TEI
representation. In addition, TXM supports CQL (Corpus Query Language) querying, ena-
bling expressive regular-expression search within structured corpora. Overall, TXM ser-
ves as a methodological bridge between classical textual analysis and computational lin-
guistics. In the context of this research, TXM aligns well with the goals of the Diglko2
corpus, where structured representation, linguistic annotation, and exible querying pave
the way for subsequent semantic enrichment and Al-based exploration.

In addition to providing morphosyntactic enrichment, the TXM platform functions as
a comprehensive workbench for corpus exploration and quantitative linguistic reporting.
It enables the calculation of a broad spectrum of textual statistics [19] and supports texto-
metric analysis [11]. The strength of TXM lies in its integration of search, inspection, and
measurement within a single interface, allowing researchers to move uidly across ana-
lytical levels: from qualitative evidence via concordances, to quantitative measurements
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